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2. User State Detection:
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2.2.1 Dataset
v/ HyperCLOVAZ O|& 7%t data augmentation

2.2.2 Modeling
v Encoder +Z0f| multi-heads ZAgtd}7]

_I_

v Decoder 7+ 20| multi-prompts Ar-&73}7|
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2.2.1 Data Augmentation with HyperCLOVA 2028

B Low Rank Adaptation (LoRA) B

In-Context Learning (ICL)
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2.2.1 Data Augmentation with HyperCLOVA &5

Step 0.

N HyperCLO\@ —
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2.2.1 Data Augmentation with HyperCLOVA
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2.2.2 Multitask Classifier Models Tt

Output
FProbabllities

Softmax
Linear

Add & Norm

Feed
Forward

Add & Norm
| Add & Norm | -
Add & Norm Multi-Head

Feed Attention
Forward

Encoder-only Architecture {
N

Masked

e.g. BERT Multi-Head
Attention Attention

Positional Positional .
encoding (5 V) £ncoding Decoder-only Architecture

Embedding Embedding e g GPT

INnputs Qutputs
(shifted right)
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2.2.2 Multitask Classifier Models Tt

v/ Prompt Tuning (P-tuning)

Prompt Tuning

Mixed-task

Task
Prompts

(82K params each)

v/ Head Tuning

H\Iper CLOVA + ?ﬁ Class label

Finetuning



2.2.2 Multitask Classifier Models

Ot 7|

1. Encoder +&0| multi-heads &

/ Label for task 0 Label for task 7

Label for task n

~

j ) )

BERT

Sentence 1

\

Sentence 2
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2.2.2 Multitask Classifier Models 2093

2. Decoder T+ 20| multi-prompts A&7t

Grompt for task O>

Grompt for task 1> = H\Iper CLOVA + - Class label
./ U/

| ORA Finetuning
LoRA + P-Tuning

Grompt for task n>
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2. Decoder T+ 20| multi-prompts A&7t

Example) 2& & Ef
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2.2.2 Multitask Classifier Models

2. Decoder T+ 20| multi-prompts A&7t

Example) 41 &tE

i

4 Prompt for task '71Z&"

Input dialogue
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2.2.2 Multitask Classifier Models 2093

F1 MACRO

HyperCLOVA 1.3B Headtune + LoRA + Ptune

HyperCLOVA 1.3B Headtune + LoRA

RoBERTa 355M MultiHeads Finetune

Dlarva 110M MultiHeads Finetune
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3. Long-term Memory:
ArEAILr2| LherE 7| Kotk
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3.2 LH=tO M 71992 SR8 S

Why are you telling me that? a conceptual model of the social function of autobiographical memory (Alea and Bluck, 2003)

Self and social functions: Individual autobiographical memory and collective narrative (Nelson, 2003)

How to remember what to remember: exploring possibilities for digital reminder systems (Brewer et al, 2017)
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Speaker 1

Hello. Pretty good, thanks. And yourself?

Cool! Do you spend a lot of time biking?

| love playing folk music. | actually hope to be a
professional musician someday

| can play the guitar and the piano and | also like to sing.

| m not a big drinker either. Do you have a job?

Nice! | work as a custodian. Not too glamorous but it pays
the bills haha

Exactly. Do you have other hobbies besides biking?

| did fiddle around with my guitar a little. | played some Bob
Dylan after | ate.

Yes, I've always loved Dylan. | think he's such a musical
genius. He's not the only reason | want to get into music,
but he's one of them.

Yes, | try to stay connected to the local music scene, and
also try to see bigger acts when they come to town,
although money and time are always consideration too.
What was the last concert you went to?

Oh, nice. Have you heard of Mark O'Connor? | once saw
him in concert with Yo-Yo Ma. That was amazing.

Yes, | love listening to classic or baroque if I'm doing
something that needs concentration. Do you listen to music
when you ride your bike?

Yes, that's a good time to kill two birds with one stone. I've
never really gotten into podcasts. What type of podcast
topics do you listen to?

Speaker 2

Cool any process of making an instrument is beautiful to
me. Did you search it up or was it a recommend youtube
video?

Those thumbnails really get you to watch just about
anything. Whats your favorite podcast to listen to?

Very cool, my dad listened to a podcast about the zodiac
killer a while back, its an interesting story. Where do you
usually ride your bike?

A nice bike ride feels great especially in perfect climate.
Whats your favorite drink?

| don't tend to drink that much but when i do i like to sip on
some Kentucky Bourbon. Blanton is my favorite. Do you
have your own construction company or do you work for
somebody?

Thats great to hear, connections go a long way.

That sounds so cool! What is the most interesting fact that
you learned?

That is really interesting, are violin and cello strings also
made of steel and nickel, | wonder?

Sheep intestine! | have never heard of that. Has it inspired
you to listen to more music?

That is a great idea! | sure do love my bourbon, but | have
no idea how it is made. You have a curious mind! What is
your favorite subject to read or study up on?

That sounds extremely fascinating. Have you ever watched
the series "mindhunter"? Not unsolved crimes, but getting
into the minds of serial killers. Pretty cool.
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3.6 Memory Grounded Response Generation 2™
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3.7 Synthetic Data Generation 2623
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3.10 Upaate Operation 2625

E ENm: O™ 7|9 &, s: ME22 22 &2 719 &AL

PASS: mO| s& E&St= 42 mTt H7ZICHNnot redundant).

REPLACE: mif s7t Y& = gle= 4% sBt HZICH(consistent).

APPEND: mif s/t Fatot 8% = L Y Z/Ck(lossless)

DELETE: 0| & 7|92 ER7} Bl 8E= = O MASEHE ).
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& =2 (p: premise, h: hypothesis) 7t2| =2| X ¢l 2t

Entailment: pO| hE &= — PASS

Classification Accuracy

Premise: John is a bachelor.

Hypothesis: John is unmarried.

Contradiction: p2} h7| 2& —— REPLACE, DELETE

Premise: A senior is waiting at the window of a restaurant.

Hypothesis: The man is waiting in line for the bus.

Neutral: p2t h7} 52t — APPEND

B From scratch M NLI| transfer
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3.13 Model Pipeline
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3.15 Human Evaluation 2023

Memorability (1) Humanness ( 1) Engagingness (1)
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4. Conclusion:
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